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Abstract

Nyquist folding receiver (NYFR) is a novel ultra-wideband receiver architecture which can realize wideband receiving
with a small amount of equipment. Linear frequency modulated/binary phase shift keying (LFM/BPSK) hybrid
modulated signal is a novel kind of low probability interception signal with wide bandwidth. The NYFR is an
effective architecture to intercept the LFM/BPSK signal and the LFM/BPSK signal intercepted by the NYFR will
add the local oscillator modulation. A parameter estimation algorithm for the NYFR output signal is proposed.
According to the NYFR prior information, the chirp singular value ratio spectrum is proposed to estimate the
chirp rate. Then, based on the output self-characteristic, matching component function is designed to estimate Nyquist
zone (NZ) index. Finally, matching code and subspace method are employed to estimate the phase change points and
code length. Compared with the existing methods, the proposed algorithm has a better performance. It also

characteristics

has no need to construct a multi-channel structure, which means the computational complexity for the NZ
index estimation is small. The simulation results demonstrate the efficacy of the proposed algorithm.
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Abbreviations: ADC, Analog to digital converter; BPSK, Binary phase shift keying; CSVR, Chirp singular value
decomposition ratio; FA, Frequency agile; LFM, Linear frequency modulation; LOS, Local oscillator; LPI, Low probability
interception; MCRLB, Modified Cramer Rao lower bound; NRMSE, Normalized root mean square error; NYFR, Nyquist
folding receiver; NZ, Nyquist zone; RF, Radio frequency; SFM, Sinusoidal frequency modulation; SNYFR, Synchronous
NYFR; SVD, Singular value decomposition; ZAM, Zhao, Atlas, and Marks; ZCR, Zero crossing rising

1 Introduction

Currently, the electromagnetic environment is becoming
increasingly complex and many modern radar signals
have very high carrier frequencies or wide operating
bandwidths [1, 2]. In order to intercept the modern
radar signals, some receiver architectures have been
proposed in the past few decades [3, 4]. The wideband
non-cooperative receivers should have the capability of
wideband receiving. A typical wideband receiver is the
channelization structure, which adopts a set of analog
band-pass filters to reduce the bandwidth of each chan-
nel and samples each channel with a low-speed analog
to digital converter (ADC) using filter bank [4].
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However, this kind of structure needs a huge amount of
equipment. For the purpose of realizing wideband moni-
toring with a small amount of equipment, the Nyquist
folding receiver (NYFR) architecture is proposed and it
can realize wideband monitoring using one ADC [5, 6].
The NYFR modulates the received analog signal in the
front-end of the receiver, maps the Nyquist zone (NZ)
information to the modulation bandwidth of the signal,
and then samples the modulated signal.

Based on the NYFR structure, the output signal pro-
cessing using wavelet transform has been studied [7].
Then, some new NYFR architectures using different
local oscillator (LOS) modulation types have been pro-
posed. Synchronous NYFR (SNYEFR) structure using
simplified LOS has been proposed and its output can be
processed more easily because of the synchronous LOS
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[8]. Other LOS modulation types such as binary phase
shift keying (BPSK) LOS and noise sequences are pro-
posed [9, 10], which can improve the performance of
NYFR because the bandwidths of these LOS modula-
tions remain unchanged.

The NYFR can realize wideband receiving with a small
amount of equipment, but the information of LOS
modulation will be added on its output [8], and its out-
put will be more complex compared with the conven-
tional receiver. Some conventional radar signals such as
linear frequency modulation (LFM) signal and frequency
agile (FA) signal intercepted by the NYFR have been in-
vestigated, and the parameter estimation methods using
multi-channel structure have been proposed [8, 11].

Meanwhile, many low probability interception (LPI)
radar waveforms have been designed. Linear frequency
modulated/binary phase shift keying (LFM/BPSK) hybrid
modulated signal is a novel kind of LPI radar signal.
It has a double spread spectrum and has been applied
in some radar and fuse systems [2]. For the parameter
estimation of LFM/BPSK signal intercepted by the
conventional receiver, an algorithm based on Zhao,
Atlas, and Marks (ZAM) transformation has been
studied [12]. However, for the parameter estimation
of LFM/BPSK signal intercepted by the NYFR, there
has been no public report.

Therefore, considering the increasing complexity of
radar waveform and the growing demand of wideband
receiving, it is necessary to study the parameter estima-
tion of LFM/BPSK signal intercepted by the NYFR. The
LEM/BPSK signal intercepted by the NYFR is a typical
non-stationary signal. For a non-stationary signal, a
common processing idea is the time-frequency analysis.
However, many time-frequency methods can achieve op-
timal results only for the particular modulation types
[13]. Because the LFM/BPSK signal intercepted by the
NYFR contains the LOS modulation, it may be difficult
to find a time-frequency kernel which is optimal for the
NYFR output directly. In this paper, we will study this
problem in another way and make full use of the NYFR
prior information which is neglected in [8] and [11]. We
will model the LFM/BPSK signal intercepted by the
NYEFR based on the signal self-characteristic and the
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NYER prior information, and propose a parameter esti-
mation algorithm which has different estimation steps
compared with the existing NYFR output parameter
estimation algorithm [8, 11].

This paper is organized as follows: Section 2 inves-
tigates the NYFR architecture and the LFM/BPSK
hybrid modulated signal intercepted by the NYFR.
Section 3 gives the parameter estimation methods for
each modulations of the NYFR output. Section 4 is
the algorithm steps for the parameter estimation of
the NYFR output. Section 5 gives the simulation
results and the corresponding analyses, and we con-
clude in Section 6.

2 NYFR architecture and NYFR output signal
analysis

2.1 NYFR architecture

The NYER architecture [5] is shown in Fig. 1.

In Fig. 1, The NYFR uses zero crossing rising (ZCR)
voltage time to control the radio frequency (RF) sample
clock and generate the RF LOS p(f) which is a non-
uniform sampling LOS with a certain modulation type.
As long as the modulation information of the LOS
remains unchanged, we can simplify the LOS as [8]

pl) = sm()-2mk) )

k——oo

where m(t) = 2nfit + OLos(f) + OLos, k is an integer, f; is
the LOS carrier frequency which equals the value of NZ
bandwidth when the input signal is complex, define (—f;/
2,1;/2) as the Oth NZ, hence, (kf; - fi/2, kf; + f;/2) is the
kth NZ, 6, 0s(¢) is the LOS modulation, and ¢ g is the
LOS initial phase.

Firstly, the input analog signal x(z) is filtered by a pre-
select filter H(f). Then, x(¢) is mixed by the non-uniform
LOS and we have x,(£) = xp(£)p(£), where xy(¢) is the out-
put of the pre-select filter. The non-uniform sampled sig-
nal x,(z) is filtered by an interpolation filter Hy(f) with pass
band (-f;/2, f;/2) and we obtain x,(¢) which contains the
LOS modulation information as the output of the NYFR
[5]. Finally, x,.(?) is sampled by the ADC whose sampling
rate is fapc to get the discrete NYFR output.
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Fig. 1 NYFR architecture
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The input signal can be recovered by x,,(f) and the
NZ information [6]. Figure 2 illustrates the spectrum of
the input signal x(£) and the spectrum of the non-
uniform signal x,(¢) which contains the NZ information.
The NYFR output is equal to the spectrum of x(f) in
the Oth NZ after X(f) is filtered by Hy(f).

2.2 LFM/BPSK signal intercepted by the NYFR
Let us denote the LEFM/BPSK hybrid modulated signal
as the NYFR input and it can be expressed as [2]

x(t) = Ae¥Y it (e oo (2)

where t€[0,7), T is the signal duration, f. is the sig-
nal carrier frequency, po is the chirp rate, ¢(t) is the
BPSK modulation and its value is 0 or m, and g is
the initial phase.

According to [5], sinusoidal frequency modulation
(SFM) is selected as the NYFR LOS modulation,
which means m(t) = 27fit + mysin(27fgint) + Pros in (1),
where my is the modulation coefficient, f;, is the
modulation frequency, and ¢rog is the LOS initial
phase. Considering the LFM/BPSK signal in (2), the
output signal of the interpolation filter Hy(f) in Fig. 1
can be expressed as [8]

Fout () ) o
— Aeﬂ”(fc*kNZf:)Hl’Wotz +jep(t)~jknz my sin(27f got) + joo—jknz9r0s + W(t)

(3)

where kyy is the NZ index which can indicate the ori-
ginal carrier frequency of the input signal [5], t€[0,7), T
is the signal duration, and w(f) is the additive white
Gaussian noise [8].

From (3), the NYFR output signal contains three modu-
lations (i.e., LFM/BPSK/SFM), and it turns to be more
complex compared with the input signal (i.e., LEFM/BPSK).

|x ()
NZ0 NZ1 NZ2 NZ3 NZ4
I
il
Lo L 3 R A LT
2 2 2 2 2 2
| X, (/)
’Nzo NZI NZ2 NZ3 NZ4
.. N “I
Loy L3 Sh 1L Y
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Fig. 2 Spectra of the NYFR input signal and the non-uniform
sampled signal
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Nevertheless, for the SFM modulation part in (3), the only
unknown parameter is the NZ index kv . For the LFM/
BPSK signal intercepted by a non-cooperative radar signal
receiver, the main parameters that need to be estimated
are the chirp rate, the carrier frequency, and the code
length. Besides, the code length can be calculated by the
positions of the phase change points. Thus, the chirp rate,
the NZ index, the carrier frequency, and the code length
in (3) are the parameters needed to be estimated in this
paper. To simplify the following derivation, the initial
phase in (3) is omitted.

The ADC sampling rate fapc in Fig. 1 satisfies the
Nyquist sampling theorem and the sampling interval is
Tapc = 1/fapc, the number of the total sampling points
can be computed as N =fypcT. Hence, the discrete ex-
pression of (3) is

Xout (}‘l TADC )
_ Aej2n(f£ —knzf ) (nT apc)+jmpy(nT apc )2 +jp(nT apc)—jknz my sin(2mf g, (nT apc))

+w(nT apc)

(4)
where =0, --- N-1.

3 NYFR output signal parameter estimation

For the NYFR output signal in (4), it contains three
modulations (i.e., LEM, BPSK, and SEM). Normally, the
time-frequency transform is employed to extract the sig-
nal characteristics for a non-stationary signal. Because
the NYFR output in our paper contains three modula-
tions, some time-frequency transform methods cannot
achieve an optimal result. For instance, the modulations
of BPSK and SFM in the NYFR output signal cannot be
extracted properly by using fractional Fourier transform
[14] which is suitable for the LFM modulation. Mean-
while, ZAM works well for the BPSK modulation [12],
but it is poor for the LFM modulation [13]. In addition,
the time-frequency representation of (4) is no longer a
straight line, which may lead to the polynomial curve fit-
ting method [12] failing to estimate the chirp rate.
Therefore, it may be difficult to find a time-frequency
kernel which is optimal for the three modulations simul-
taneously. In this paper, we will focus on the self-
characteristic and the prior information of the NYFR
output signal to estimate the parameters in (4) instead
of the time-frequency transformation method.

3.1 Chirp rate estimation based on CSVR spectrum

As to the NYFR output signal parameter estimation
steps, the existing algorithm constructs a multi-channel
architecture to remove the LOS modulation by estimat-
ing the NZ index through extracting frequency domain
feature for each channel firstly and then estimates other
parameters using conventional methods [8, 11]. This
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algorithm regards the LOS modulation information as a
redundant part and neglects the known information in
it, which means the periodic characteristic of the LOS
modulation. In addition, the accuracy of chirp rate esti-
mation using the existing method will be affected by the
NZ index estimation result. In order to improve the
chirp rate estimation performance, we will estimate the
chirp rate directly by using the LOS periodic informa-
tion instead of estimating the NZ index firstly.

The square processing is applied to the data in (4) to elim-

inate the BPSK modulation, which means [ej‘f’(”TADC)} - 1.
The carrier frequency in (4) can be written as fy = f; — knzf;
and we have

%sq(nT anc) ) .
— AZe]"ZﬂZfo(nTADC)+/ﬂ2/40(nTADc) —j2knz my sin(27f g, (1T apc))

+W' (}’l TADC)

(5)

where W' (nTapc) = 2%ou(nTapc)W(nTapc) + W(nTapc)
is the noise after the square processing. To simplify the
following discussion, the noise part is omitted.

Because the SFM modulation part mz,sin(27fnt) in (5) is
known, the LOS modulation period can be calculated as 1/
fsin and the number of points in one LOS modulation period
is N, = fapc/fsn- In addition, for the NYFR structure, f;, and
fapc are the prior parameters, thus we can set N, = fapc/
fin€Z", and M, = floor(N/N,), where floor(-) means choos-
ing the integer part of N/N, M.€Z", and M.<N,. The
above setting implies the number of signal points we use in
this section is M.N,, and if the input data length N> M_/N,,
we select M:N, points and omit the remaining points. Ac-
cording to the LOS periodic characteristic, we can model
the data in (5) as an M, x N, matrix

%sq (0)
Xeq(N .C)

%sq(N-1)
%5q(2N-1)

XC:

ko (Mo-1)IND) - 2y (MN-1)

The relationship between the elements in the pth row
and the gth row in X, can be calculated as

Xsq(PN: + 1
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In addition, because N, = fapc/fsin, (7) can be written as

%sq(PNe + 1) j2m2fo (0N e=gNo) T avc +jn2ug (PN + 1) T
SN L
—(gN. + n)"Tapcl + j2knzmy [ sin(27f g, nT apc + 27q)

- sin(27f g, Tapc + 271p))
— 212 o(PNe=qN)Tanc  +jm2uo|(pN. + n)*Tpe
~(aNe +n)*Tipc]
(8)
From (8), it can be observed when (8) has no LFM
modulation part, the quotient of the elements in the pth

row and the gth row will be a constant. Therefore, we
can construct a matrix

sem (0)
SLEM (N¢)

v stem(Ne-1)
SLem(p) = : SLFM(2]EVC—1)
stem((Mc=1)N¢)-++ supm(MeN~1)

)

. 2 .
where s gy () = e7™#0Tac)” 1y is an argument. Then, we have

Y(u) = Siem (i) * Xc

where * is the Hadamard product. When u = po, Y(uo) =
Stem(po)  X¢ will become an SFM signal matrix and we
call Spem(po) as the matching matrix.

Once the constructed matrix Spppm(p#) meets the
matching matrix, (10) will be a matrix whose row ele-
ments are equal to the data in one LOS modulation
period. Then the singular value decomposition (SVD) of
(10) can be computed as Y(u) = Uyzyv¥ [15], where
Yy is an M, x N, diagonal matrix and we call it as the
singular values matrix, the singular values are A;,1,, -+,
Am, and A;=2Ap=---2Ay . Based on the SVD ratio (SVR)
spectrum [15, 16] and the LOS periodic characteristic,
we define the chirp SVR (CSVR) spectrum as

(10)

/12
P(p) = =+ (11)
A’I‘es
— 2. ... 2
where A, = %

Considering the noise-free situation, when yu =y, the
first singular value A; in Xy will achieve its maximum
and the rest singular values are 0. We call 1; is the
principle singular value and other singular values are the
non-principle singular values. While u = o, the periodic

) A26/2m2f o (PN e+1) T anc)+jm2u ((pNe+n) T ac)’~j2knz 1y sin(2f g (PN + 1) Tanc))

Xsq (qNc+n)

" A202m2 o ((qNe+1) T anc)+m 2t (qNe+1) Tanc)’ ~2knz 7 Sin(21f o (@Ne + m) T ac))

_ NN g [(pN + ) Thpe=(aNe + 1) Toe] + 72Kz { Sinf2nf o (N + 1) Tapc)]-in27f (PN + 1) Tavc)]}

(7)
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characteristic of the LOS in each row of Y(u) will be dis-
turbed by the LFM modulation, and consequently, the
non-principle singular values of Y(u) will be non-zero ac-
cording to the energy conservation theory [16]. Therefore,
we can search the peak of CSVR spectrum in (11) whose
argument is the chirp rate and the estimated chirp rate is

fo = aig{max[P(M)]}

One issue to note is that when p is close to po, Y(¢)
will approximate an SFM signal. In order to keep the
non-periodic characteristic of LFM signal in Y(x#) when
U # po, we need to guarantee that the bandwidth of LFM
signal in Y(u) is wide enough. Because the chirp rate is
unknown, the longer of the signal length we use will bring
the wider of the LFM signal bandwidth, which means we
can get a better resolution capability for the CSVR
spectrum if we use more signal data. Because we can ob-
tain po by scanning different values of y and the interval
value of y is not limited by the data length in (5), we say
the CSVR spectrum has the property of super resolution.

Considering the situation that the data in (5) contain
noise, the singular values of Y(x) will be affected by it.
When 4 = po, the non-principle singular values of Y(y)
will be non-zero, and when g # o, the non-principle sin-
gular values will also be affected by noise. Therefore, the
purpose that we use A,e in (11) rather than )L% in [16] is
to reduce the noise effect to the non-principle singular
values through average operation.

Let us analyze the complexity of CSVR spectrum. Let
Niearcn be the number of the chirp rate scanning points.
For each scanning point, the flop count [17] for Hadamard
product is M_N,. Because the CSVR spectrum only requires
the singular values of Y(i) and the singular vector matrix
Uy and Vy need not be computed, the flop count for com-
puting Ty is 2MN? + 2N? [17]. The flop count for average
operation is M, and the computational complexity of peak
search is Ngeyen. Thus, for the proposed method, the total
number of flops is Ngearch (2MCN3 + ZNE + M/N, + Mc)
and the computational complexity of peak search is Nyearch-
In addition, some fast SVD methods [18, 19] may enhance
the computational speed.

Then, let us compare the computational complexity of
chirp rate estimation using an existing method [8]. Firstly,
the existing method requires constructing L channels and
the flop count for constructing the channel needs NL mul-
tiplications. Then, for each channel, it needs fast Fourier
transform whose flop number is & log, (N), instantaneous
auto-correlation whose flop number is N, and peak search
whose computational complexity is N. The computational
complexity of maximum peak finding for the L channels is
L and the SFM demodulation for the input signal requires
N multiplications. Finally, the computational complexity
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of chirp rate estimation step requires ¥ log,(N) + N
flops and N search. Thus, for the existing method, the
total number of flops is L[N + ¥ log,(N)| + N + % log,
(N)+ N and the computational complexity of peak
search is LN + L + N.

Although the computational complexity of proposed
method is larger than the existing method, the estimation
accuracy of the proposed method will be better than the
existing method because of the super resolution property.
In addition, because the chirp rate is estimated directly in
the proposed method, its estimation performance will not
be affected by the NZ index estimation result. In contrast,
the existing chirp rate estimation method using multi-
channel structure needs NZ index estimation result and
its performance will be affected by it.

3.2 NZ index estimation based on matching component
function

Once the chirp rate has been obtained, the NYFR output
hybrid modulated signal can be simplified via the de-chirp
method. In order to estimate the carrier frequency, we need
to get the NZ index first. The de-chirp signal is assumed as
Sdechirp(nTADC) = e—jn2/20(nTADc)2 n= {07 JUREE MCNC - 1}
and we use the data in (5) with the same length to operate
the de-chirp process. Omit the noise part and we have

%de(nT anc)
- xsq (” TADC)SdeChirp (” TADC)
_ Azeﬂ”zfu(”TADC)HHZ(#u*/?o)("TADC)Z*ﬂkNmeSi"(Zﬂfsm(ﬂTAuc))

Because the CSVR spectrum has super resolution
capability, the transfer error of chirp rate is small and
x4e(nTapc) can be written as

xde(n TADC) = A29j2”2fo("TADc)—/2szmf sin(27f , (nT apc))

x4e(nTapc) is an SFM signal and the unknown parame-
ters are the NZ index kyz and carrier frequency f,. For
the NZ index estimation, the multi-channel structure is
a common method [8, 11]. This method requires Fourier
transform and peak search in frequency domain for each
channel. It regards the SFM modulation part as a redun-
dancy and neglects the self-characteristic of SEM signal.
Here, we will use the self-characteristic of SFM signal
and propose an NZ index estimation method using
matching component.

According to the LOS prior information, construct a signal

ssem(nT apc, k) = &2k sin(27f o (T anc)) (12)

where the argument k€{0,1,---,L-1} and n={0,1, --+,
M_.N, - 1}. For xg.(nTapc), we have
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Yae (T apc, k) = ssem(nT apc, K)%4e(nT apC)

_ A26j2n2f0(nTADC)+j2(k—sz)mf sin(27f g, (nT apc))

To simplify the following derivation, denote #n = nTxpc
and the instantaneous auto-correlation of yg(nTapc, k) is

R(”? k) = yde(”? k)yde*(n +7, k)
— Ale j2n2fofej2(k knz )my [ sin(27f g n)

— cos(2nf 1) sin(271f g, 7) = sin(271f 1) c0s(272f 7))

(13)
Define the matching component function as
NM.-1-1
Paz(k)=| > R(n, k)‘ (14)
n=0

According to the self-characteristic of SFM signal, we

have e/ksinfon) — Z T (k)20 where J,,(-) is the

M=—c0
Bessel function with m order. Based on (13), (14) can be
expressed as

Pz (k) NM,-1-7

Ade 20T N Z k knz)my(1- cos(2nf g, T )]
e n=0 my=-c T
/112 s Z Jony [ (knz=K)my sin(2mf g, 7 )]e/mﬂ”f " 1"‘22
A T [(k=kz)my (1= cos(2nf g, 7))
m== o
=3 Tl (knzK)mysin(2nf 1)) €™ 2
N1
Z &2 sin(mitma)n
n=0
(15)
In (15), when my+my =0, we have

NM.-1-1
§ : eﬂ”fsin(”"l +my)n
n=0

considering m; + my € Z', n = nTapc, and M. € Z", we have
NM-1-7

S el

n=0

= N.M_ -1, and when n1; + m, =0,

= 0. Hence, (15) can be written as

A*(N M,-7) i T [(k—sz)mf(l—cos(2nfsinr))}]_m,

[(knz—k)my sin(27f 1) ]e7™3|  On the basis of the property
Jn(=k) = (=1)"] (k)

of Bessel function ¢ 7 (k) = —J,,(k), m is
]—m(k) :]m(k)v m s

PNz(k) -

odd, we have
even
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Pyz (k) = A*(NM-1) Z {am [(k=kz)my (1= cos(2nf 7))
]2ml [(kikNZ)mf 51n(2ﬂfsin )} 1ml”+]2m1
+1[(k=knz)my (1~ cos(2rf g, 7 ))}fzm,

+1 [(k sz)WIf Sln(zﬂfsm‘[ﬂ j(2m1+1) 2}

(16)
when k = kyz, (16) can be expressed as
Prz(knz) = A*(NMe=7)| > T, (0)
= A*(NM,-1) (17)

when k # kyz, because the modulation coefficient can be
set as |mq > 1, we have |J,,,, [(k—knz)my(1- cos(27f 4, 7))] |
«1 and |, [(k=knz)my sin(27f ,7)]|<1. Thus, (16) can
be written as

Pz (k)<A*(N .M, ~T) (18)

From (17) and (18), when k = kyz, the matching com-
ponent function Pyz(k) will achieve its maximum and
we call the constructed signal sspym(nTapc, knz) as the
matching component. The peak of Pyz(k) indicates the
NZ index estimation result.

It should be noted that in order to avoid J,,(-)=0 in
(16), we should make sure 1 - cos(27nf;,7)=0 and
sin(27f;,7) # 0 in (16). Therefore, we need to guarantee
271tfinTapcT # 211z, z € Z, which means 1 # zfapc/fsin. Ap-
parently, we should also avoid 7 — zfapc/fsin to prevent
1 - cos(2nfy,7) — 0 and sin(27zf;;,7) — 0, where — means
going close to. This is the selection criterion for the
value of shift length 7. Because the LOS modulation fre-
quency fi, and the sampling frequency fapc are known,
the shift length 7 can be set as 7#zfapc/fsn and it
should be far away from zfapc/fiin, z€Z to satisfy the
above requirements.

Furthermore, let us consider the modulation coefficient
myin (16). As we analyzed before, when k= kyz, we
have o, [(k=knz)my (1= cos(27f 4, 7))] |<1 and
om, [(k=knz)my sin(27f 3, 7)] |<1 in (16). However, if |m]
is very small, according to the characteristic of Bessel func-
tion, we have |J,,, [(k—knz)my(1-cos(2nf ,7))]|—1 and
le [(k—knz)my sin(27f g, 7)] |—>1. Hence, (18) may not be
guaranteed. Therefore, in order to guarantee that the
matching component function has a good performance, we
should make sure that |14 is not too small. This is the rea-
son we set |14 > 1 above.

From the peak search of Pyz(k), k€{0,1, -,
NZ index can be estimated as

L -1}, the
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IQNZ = a}fg{m“x[PNZ(k)]}

The flop count of the proposed method for instantan-
eous auto-correlation and summation are M., and
M_N, - 1, respectively. In addition, the NZ index estima-
tion needs to search L points to find the peak. Hence,
for the proposed method, the total number of flops is
2M.N, + M N, -t and the computational complexity of
peak search is L.

As to the method in [8], from the analysis in Section 3.1,
the total number of flops is L[N + % log,(N)] and the
computational complexity of peak search is LN + L. Be-
cause M.N.<N and L «< N, the proposed method has a
smaller computational complexity.

According to the LOS information and the estimated
NZ index IQNZ, the LOS modulation in (11) can be
demodulated and (11) will become a single carrier signal.
Using Fourier transform to estimate the carrier fre-

quency and we can obtain the result Zf o- Hence, the car-
rier frequency of the input LFM/BPSK signal can be

calculated as f, = f, + knzf -

3.3 Phase change point estimation based on matching
code and subspace

For the BPSK modulation, we not only need to estimate
the code length, but also want to obtain the position of
each phase change point. This section will present a
phase change point estimation method for the BPSK
modulation with high accuracy using matching code and
subspace orthogonal property.

The chirp rate ji, and the NZ index knz have been
already estimated. Let us reconsider the data in (4) and
construct a signal

xre<nTADC) — Ae—f”ﬂo(nTADc)ZHIQNmeSi“(Z”fsm("TADc))
For (4), we have

x8(nT anc) = %out(nT anC)%re(nT ADC)
_ Aeﬂﬂfo(”TADC)+j¢("TADC)+j2”A”0(nTADC)Z

+W/(WTADC)

(19)

where Ay, = py—ii, is the transfer error and w’'(nTapc)
is the noise part. Because the NZ index estimation result
is an integer, we can assume IQNZ = knz and it has no
transfer error. Since the carrier frequency f . of the
NYER input signal has been obtained, the estimation
of the carrier frequency in (19) can be computed as
f 0 :f c_k NZf s*

Generally, we can denote xp(n) =x5(nTapc). We re-
define n=1, --- N and omit the initial phase. The data in
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(19) can be separated into several segments and the
length of each segment is N; which is shorter than the
points of one code length. The method in [20] can be
employed to obtain the coarse estimation of the code
length and determine the segment length N,. However,
this method can only give the code length estimation
and it has no capability to give the position of each
phase change point. The number of the data segments
can be calculated as Num = floor(N/N;). We redefine
p=0,1,..,Num -1 and the signal data in the (p + 1)th
segment can be written as

xn, (1) = [xs(n + pN + 1), 5(n + pNs +2), ...,
xp(n+ pNs + Ni)|T

I bnpN+1) g+ pN U4 (npNer1)” | 1T

/PPN +N,) g2nf o (n-+pN+Ny)+jmdpg (n+pN,+N;)?

+[w (n+pN; +1),...,w (n + pNj; +NS)]T

Rewrite xy, (7) and we have

gntpNs+1) 0

0 g¢ntpN+2)

xn, (1) = . . -

0 0 . @P(n+pN+N;)
/2o (n+pN+1)+jmdug (n+pNs+1)°

eﬂ”fo('H'PNS+2)+}'nA/40(n+pNs+2)2 ,

2 o (PN AN =1)+jmAg (n-+pNo+N,)*

/2 o (n+pNo+1)+jmAp, (n+pNs+1)2

/27 o (PN -+2) +jmdpug (n-+pN;+2)? /

:DB +W

2o (n+pNy+Ny)+jmlpy (n+pNs+N;)*

(20)

where Dg is the BPSK modulation matrix. If there is no
phase change point in the BPSK modulation matrix, Dg
will become a unit matrix. In this paper, we mark the
unit matrix as L

A BPSK modulation matrix D(k;) = diag
[e%,e%, ... e% .. %] can be constructed, where i
0 i<k

T oisk, 1 <k, < N,, which im-

plies that the phase change point in D(k,) will be pre-
sented point by point at i = k; with the moving of k. To
estimate the phase change point in one segment, two
situations should be taken into consideration:

=1,..,N,; and 6; = {

(1) The data in one segment contain one phase change
point, which means Dg in (20) contains one phase
change point.
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Under this circumstance, the position of the phase
change point in Dy is assumed as kphases 1 < Kphase
< N,. When k; = kphase in D(K;), D(kphase)Dp = = I and
we call D(k;) is the matching code of Dg. Meanwhile,
when & # kphaser We have D(kpnase) Dg # £ L.

(2) The data in one segment have no phase change
point, which means Dy has no phase change point.

Under this condition, when k,=1 or k,=N,, we have
D(k,)Dg = £ I, which implies D(k,) will match Dg when
ks is at the edge of the data segment. When k; = kpnase =
1 or kg = kphase = N, we also mark D(k;) as the matching
code D(kphase)-

Therefore, combining (20) and D(kppase) yield

ejano(n+pNs+1)+jnA/40(n+pNs+l)2

&2 o (PN +2)+jm g (n+pNo+2)*

D(kphase)st(n) =4 +w

/2o (n PN AN +jmApg (npN+N)?

where w” is the noise part. The above equation can be
rewritten as

D(kphase)st(l’l) = DAFOA(fO)ef2”fo(n+pNs+1)

+w (21)

where the chirp rate transfer error matrix is

. 2 2
DAl»lo — dlag[ejnAﬂo(n+pNs+l) 7eIT[A/AO(Vl+pNS+2) ,

ey

ejﬂAﬂo(n+pNs+Ns)2}
and the driving vector is
= a0 ]

Because the carrier frequency f o has been already esti-
mated, we can construct a signal s; (1) = &> 0" whose

data length is N;. Then, we have

T
i, (1) = [sfo(n +1),5 (n+2), 057, (n + Ns)]
_ [1’ ej27rf0’ . ejan'O(Ns—l):| Tejznfo(nﬂ)

(22)

The auto-correlation of s; (1) is Ry = E {sfo (n)sg(n)}
and the rank of Ry is rank(Rg) = 1. Hence, the noise
subspace of Ry, can be computed and it can be denoted
as G.

Firstly, let us consider (21) is noise free. According to
the noise subspace G from s; (1), we get
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[D (kphase)XNs (}’1)] HG _ efj2nf0(n+pNs+1)AH (fO)DI;qu
(23)

The result of (23) will be affected by the chirp rate
transfer error Apuo and the carrier frequency transfer

error fo—fo. If Auo=0 and f, = f,, we have DZIO =1
and AH(fO)G =0, where I is an N, x N, unit matrix and 0

is a 1 x (Ng - 1) zero vector. Thus, the result of (23) can
be calculated as

[D (kphase)st (n)]HG _ e—j2nf0(n+pNs+1)AH (fo)GZO
(24)
Then, we can define the phase search pseudo-
spectrum as

1
[D(ks)xw, (m)]"GGM[D(ks)xw, ()]

Phase(k;) = (25)
where 1 <k, < N,.
When k= kphase (e, D(k) matches Dg), (25) will
achieve its maximum and the corresponding peak pos-

ition k, can be calculated by

k= arg{ max i ! }
K [D(ks)xx, (1) GGM [D (ks )xx, ()]
(26)

When Phase(k,) reaches its maximum, D(/%s) will

become the matching code and the corresponding point

ki is the estimated position of the phase change point in
one data segment. If the data in one segment have no
phase change point, Phase(k;) will show a peak at the
first or the last point of the data segment from the ana-
lysis of situation (2).

According to (24) and (25), if the transfer errors of
chirp rate and carrier frequency are 0, the width of the
peak in (25) will be one point. Thus, the phase search
pseudo-spectrum can obtain an accurate estimation re-
sult and its peak width is independent of the data seg-
ment length comparing with the wavelet transform
method whose peak width is decided by the length of
the scale [19].

However, if the chirp rate transfer error Ay, is not 0,
the transfer error matrix of chirp rate will be no longer a
unit matrix. With the increasing of Ay, Day, will be far
away from a unit matrix. Meanwhile, (24) will also be
far away from 0 and the width of the peak in (25) will
be expanded. In addition, if the carrier frequency
transfer error is not 0, the orthogonal relation between
AM(f,) and G in (24) will not be satisfied. Thus, the
width of the peak in (25) will also be expanded. In
summary, the transfer error from chirp rate and
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carrier frequency will deteriorate the accuracy of
phase change point estimation.

Fortunately, because the CSVR spectrum is a super
resolution method, the chirp rate transfer error Apg— 0.
In addition, because the NZ index estimation result is an

integer and it has no transfer error, we have f o—fo-

Hence, (24) can be written as
H

[D (kphase ) Xx, ()] " G—0 (27)

Then, let us consider the signal xy,(#) containing

noise. According to (23) and (27), if D(k;) matches Dg,
we get

[D (Kphase ) xx, (1) 'G—0 + w MG
If D(k,) does not match Dg, we have
[D (ks )xw, (1) G—xEE (m)DH(k,)G + w' ' G

Thus, under the condition of noised signal, the phase
search pseudo-spectrum in (25) can still achieve its peak
when D(k,) matches Dg.

After the peak search process is completed in one data
segment, there is one issue to be considered. The pos-
ition of the phase change point k,n.se may locate at the
first or the last point of the data segment. This situation
is shown in Fig. 3.

For this condition, the following process can handle
this issue.

For the (p + 1)th data segment, when the phase search
pseudo-spectrum shows a peak at ks =pN;+1 or ks
= pN; + N, we can assume ¢ is a small integer, ¢> 1,
and reselect the data from pN;+1+c¢ to pN;+ N, +c.
The reselected data can be written as
xn,(n) = [x5(n + pNy + 1+ ¢), x5(n + pNs + 2 +¢), ...,

xg(n+pNs+ N +¢)| T

(28)

The result of (26) can be recalculated using the data
from (28). The peak position of the phase search
pseudo-spectrum using the data in (28) is denoted as

ko and we have

Phase change point

1 k=N

phase s

Fig. 3 Phase change point locates at the edge of the data segment
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kya = argq max — o —
k { [D(k)xn, ()] GG [D(ks)XNs(n)]}
(29)

This process is illustrated in Fig. 4.

If the reselected data segment shows a peak at the first
point (i.e., /A(s(g@ =1), let /A(s(,l@ = N, which means if the
data in (28) have no phase change point, the position of
the peak is always at the end of this segment.

If the distance between /A<s(ag> and the last point of the
reselected data segment is not equal to ¢, we regard that
the last point of the (p + 1)th data segment is not the
phase change point. Otherwise, the last point of the (p +
1)th data segment covers the phase change point. For
the first point of the next data segment, if the distance

between /25(@ and the last point of the reselected data
segment is not equal to ¢—1, we regard that the first
point of the (p+2)th data segment is not the phase
change point. Otherwise, the first point of the (p + 2)th
data segment covers the phase change point.

Finally, let us compare the computational complexity
of our method with the method using the Haar wavelet
transform [21]. We focus on the data in one segment.
The number of the points in one segment is still as-
sumed as N,. Besides, we also assume that the wavelet
scale contains N, points. Because the noise subspace in
(25) is fixed, we consider the computational complexity
of matrix multiplication in one data segment. Thus, the
computational complexity of the proposed method
needs N[N, + 4Ny(N; — 1) + 2(N; — 1)] number of flops in
one data segment. For the method in [21], the computa-
tional complexity needs 2N? number of flops for one
wavelet scale. Although the proposed method requires a
larger computational complexity, its estimation result
can achieve a higher accuracy. Since the phase change
point in one data segment has been estimated, the next
section will give the code length estimation process.

4 Algorithm steps

For the LEM/BPSK hybrid modulated signal intercepted
by the NYFR in (4), the proposed parameter estimation
algorithm steps are as follows:

Phase change point
1 kyhase = Ns
l+c N +c
Fig. 4 Reselection and recalculation process

- J
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1) For the NYFR output signal in (4), the square
method is employed and the signal data whose
length is M N, points are selected as shown in (5).
Model the data in (5) as the matrix X, which is
shown in (6) based on the periodic characteristic of
the LOS modulation and construct the LFM
matching matrix Sppnv(u) expressed in (9). Estimate
the chirp rate i, by computing the CSVR spectrum
based on (11);

2) The de-chirp process using f, can be operated to
eliminate the LEM modulation of the signal in (5).
Construct the matching component as shown in
(12). Based on the matching component function
Pyz(k) in (14), the NZ index estimation result /;Nz
can be obtained. According to the LOS information
and knz, the NYFR output carrier frequency f o and
the input hybrid modulated signal carrier frequency
f. can be estimated;

3) Construct the signal in (22) using f o and calculate
its noise subspace G. Demodulate the signal in (4)
using the estimated i, and kxnz. The data in (20)
can be obtained by dividing the demodulated signal
into Num segments and set p = 0.

4) For the data from pNj + 1 to pN; + N; in the (p + 1)th
data segment, calculate the phase search pseudo-
spectrum in (25) using G and the constructed D(ky).
Find the peak position ks sp in the (p +1)th data
segment. Ifkspe(pN + 1,pN; + Nj), kspeZ record
ksp Ika,j =pN;+1or ksp = pN; + N, reselect
the data from pN; + 1 + ¢ to pN; + N + ¢ and find the
corresponding peak position /25“ according to the
reselected data and (29). Decide whether the edge
of the (p + 1)th data segment covers the phase
change point and record k j If the edge covers
the phase change point, record ksp = pN; + N; or
ks’p+1 = (p+ 1)N; + 1; otherwise, set ksﬁp as a null
value. Then, p=p + 1. If p<Num - 1, continue
this step and process the next data segment;

5) Finish the phase change point estimation ?f the
Num data segments and obtain ks » and k, » P=0

., Num - 1, where & p is the phase change pomg
estimation in the (p + 1)th data segment and &,
is the recorded position of the phase change pomt
estimation result using the reselected data of the
(p + 1)th segment. In order to mazk% full use of the
estimation results, use k; spand kg7, p=1,...,Num
- 1, to modify the false phase change pomts whlch
are caused by the noise. For the recorded k.

Afl@lg(pN ‘—I— 1,pN; + 1+ ¢) and N ) -c+ ksﬁpﬂ:c
kg, s ksps1 is regarded as a false position and mark
it as a null value. Finally, we obtain all the phase
change points in the LEM/BPSK signal;

6) Omit the estimation result of the first data segment
and the number of the rest estimated phase change
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points is Num - 1. Find the nearest two ks » which
are not null and mark them as ks », and kS »,» Where
p2>p1. Thus the code length of the hybrid modulated
signal is Lg = (p,—p; )N + ksp2 ksﬁpl

5 Simulation results

In this section, numerical simulations are conducted to
demonstrate the merits of the proposed scheme. SFM
signal is adopted as the LOS modulation for the NYFR,
and the LOS modulation can be expressed as mi(t) = 27f;t
+ mysin(27fgint) + Oros, where the LOS carrier frequency f;
is 1 GHz, the LOS modulation coefficient 71 is 4, the LOS
modulation frequency fy, is 10 MHz, the LOS initial
phase ¢ os is 0, and the number of the monitored Nyquist
zones is 10.

The hybrid modulated LFM/BPSK signal is s(¢) = A
2 tHimug*Hj$(6)+90 | where the carrier frequency f, is
4.1 GHz, the chirp rate po is 50 MHz/us, the BPSK
modulation ¢(¢) is [-1 -1 1-1 -1 1 1-1 1 1], the signal
amplitude A is 1, the signal initial phase ¢ is 0, the sig-
nal length is 1 ps, and the ADC sampling rate fypc is
2 GHz.

5.1 Chirp rate estimation simulation

The CSVR spectrum of the NYFR output signal based
on Section 3.1 is given. Here, we set the signal-to-noise
ratio (SNR) as 7 dB and the scanning chirp rate reso-
lution is 0.01 MHz/us. Considering the LOS parameters,
we have N, = fapc/fsin = 200 and M, = N/N, = 10. Hence,
the signal can be modeled as a 200 x 10 matrix and the
CSVR spectrum is shown in Fig. 5.

From Fig. 5, when the scanning chirp rate is equal to
50 MHz/us, the CSVR spectrum meets its maximum,
which agrees the analysis of (10). In addition, when the
scanning chirp rate is far from the signal chirp rate, the

Amplitude

/

%0 35 40 45 50 55 60 65 70
Chirp rate (MHz/ps)

Fig. 5 CSVR spectrum of NYFR output signal
.
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non-periodic LFM component will affect the singular
values. Hence, the non-principle singular values will in-
crease and A, in (11) will rise up. Moreover, according
to the energy conservation theory, the principle singular
value A; will decrease. Thus, the amplitude of CSVR
spectrum will drop with the increasing distance between
the scanning chirp rate and the signal chirp rate.

Figure 6 illustrates the normalized root mean square
error (NRMSE) of chirp rate estimation using CSVR
spectrum with different signal lengths. The signal
lengths are 1 and 0.5 s, respectively, and other parame-
ters remain unchanged. The number of Monte Carlo
experiments is 200.

In Fig. 6, the NRMSE of chirp rate estimation using
1-ps signal length is less than 10™* when the SNR is
greater than 0 dB, which shows a better performance
compared with the signal whose length is 0.5 ps. The
reason is the bandwidth of LFM component with 1-
ps length is wider and its resolution capability is bet-
ter. This simulation result proves the discussion in
Section 3.1.

5.2 NZ index estimation simulation

The NZ index estimation result based on the matching
component function in Section 3.2 is given in Fig. 7. The
SNR is still set as 7 dB. Because the number of Nyquist
zones has been set as 10, the argument in Pyz(k) can be
set as k=0,1,---,9. According to the known f;,=
10MHz and fapc = 2GHz, the shift length 7 can be set as
100 points in (13).

Considering the simulation parameters, the real NZ
index should be kyz=round(4.1GHz/1GHz) = 4. From
Fig. 7, it is shown when k=4, Py\z(k) achieves its
maximum. Apparently, the proposed method can obtain
the correct NZ index.

0
10
—e— NRMSE of chirp rate with 0.5ps
—— NRMSE of chirp rate with 1us
10" -
X
@
s X
g \\\
10°
5
o
-
T oo
RN
\\
-3
1
05 0 5 10 15
SNR/(dB)
Fig. 6 NRMSE of chirp rate estimation with different signal lengths
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Let us focus on the amplitude value of the peak in
Fig. 7. Because the selected signal length in our simula-
tion is M.N, = 2000, the shift length is =100 and the
signal amplitude is A =1, the theoretical value of Pyz(k)
can be computed as Pyy(knz) = A*(N.M, - 1) = 1900
when k= kyz=4 from (17). Meanwhile, the peak value
of the simulation result in Fig. 7 is 1914 and we have
1914 ~ Pyz(knz). Hence, this simulation proves the
correctness of (17). In addition, comparing frequency
domain peak search for each channel in [8], the pro-
posed method only needs one-dimensional search for
the matching component function and the computa-
tional complexity of our method is small. Once the chirp
rate and the NZ index are estimated, we can estimate
the carrier frequency according to Section 3.2.

Besides, in order to examine the shift length selection
criterion in Section 3.2, we set different shift length
values to show how the shift length affects the correct
ratio of NZ index. The values of shift length 7 are set as
100, 150, 180, and 200 points, respectively. Other pa-
rameters remain unchanged. Figure 8 gives the correct
ratio of NZ index using a different shift length.

From Fig. 8, the estimation correct ratio of NZ index
has the best performance when the shift length 7 =100,
which implies the distance between 7 and fapc/fin = 200
is the largest. When the distance between 7 and fapc/fein
is smaller, the correct ratio of NZ index will decrease.
Particularly, when 7 =fypc/fin = 200, the Bessel function
in (16) will become J,,(-)=0 and the matching compo-
nent function will lose its capability. This simulation
proves our discussion about the shift length selection
criterion in Section 3.2.

Furthermore, to show the effect of modulation coef-
ficient m;y to the matching component function, differ-
ent modulation coefficients are used to estimate the
NZ index. The values of modulation coefficient iy
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Fig. 8 Correct ratio of NZ index using different shift lengths
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are set as 0.1, 0.5, 1, 4, and 10, respectively. Other
parameters remain unchanged. Figure 9 presents the
correct ratio of NZ index using different modulation
coefficient.

From Fig. 9, the correct ratio of NZ index with n,=
0.1 is less than 90 % when the SNR <3 dB. Meanwhile,
the results with other modulation coefficients have bet-
ter performances and their correct ratios are greater
than 90 % when the SNR >-3 dB. The reason of this
phenomenon is that the value of the Bessel function in
(16) will approach to 1 when |7, — 0 and the relation-
ship in (18) cannot be guaranteed. When |n1/ > 0, the re-
lationship in (18) can be guaranteed, which implies the
NZ index estimation performances (except my=0.1) are
better and tend to be the same. This simulation proves
the discussion about the modulation coefficient selection
criterion in Section 3.2.
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5.3 Phase change point and code length estimation
simulation

Figures 10 and 11 illustrate the normalized phase search
pseudo-spectra with phase change point and without
phase change point in one segment. The SNR is still
7 dB and the segment length in Section 3.3 is N = 80.
Figure 10 represents the eighth segment and Fig. 11 is
the ninth segment. According to the simulation parame-
ters, the code length of BPSK is 200 points.

From Fig. 10, when ks = 40, the phase search pseudo-
spectrum Phase(k;) reaches its maximum and this peak
corresponds to the phase change point of the third and
the fourth codes in [-1 -1 1-1 -1 1 1-1 1 1], which means
the position of the phase change point is (p — 1) x N, +
ks=(8 - 1) x 80 + 40 = 600. From Fig. 11, Phase(k,) shows
a peak at the first point when the data segment has no
phase change point. The data in the ninth segment corres-
pond to the signal points from 640 to 720, and obviously,
there is no phase change point in such data segment. After
we present the phase search pseudo-spectrum in one
segment, Fig. 12 gives the estimated phase change point
position IES,p of the NYFR output signal in each data
segment. The number of the data segments in Fig. 12 is
Num - 1 = floor(2000/80) — 1 = 24.

The horizontal axis in Fig. 12 indicates the data segment
number and the vertical axis represents the position of
each phase change point. When the value of vertical axis
is 0, it means there is no phase change point in that seg-
ment. In Fig. 12, five phase change points have been esti-
mated and the position of each phase change point can be
calculated based on the segment length and the vertical
axis values. In addition, from the 5th and 20th segments,
we can see the edges of these data segments cover the
phase change points. However, our method can still esti-
mate these covered phase change points.
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Fig. 9 Correct ratio of NZ index using different
modulation coefficients
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Fig. 10 Data segment contains one phase change point
.
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5.4 Parameter estimation performance

At last, let us consider the performance of the proposed
method. Although there is no public report for the par-
ameter estimation algorithm of the LFM/BPSK signal
intercepted by the NYFR, we still can employ the algo-
rithm using multi-channel structure in [8] and the
method in [21] as the comparisons. The shift length 7 is
100 points and the LOS modulation coefficient 1y is 4.
The correct ratio of NZ index, the NRMSEs of chirp
rate, and carrier frequency and the correct ratio of code
length are given, respectively. The SNR is set from -5 to
15 dB, and 500 Monte Carlo trials are used for each
SNR value.

Figure 13 compares the NZ index correct ratio of the
proposed method with that of the method in [8]. The
proposed method performs better than the method in
[8] when SNR <0 dB, because the method in [8] esti-
mates the NZ index using the amplitude value in fre-
quency domain which is sensitive to the noise.

Figure 14 illustrates the NRMSEs of chirp rate and
carrier frequency estimation results using the proposed
method, the method in [8], and the modified Cramer
Rao lower bound (MCRLB) [22], respectively. As indicated
in the result, when SNR >-2 dB, the chirp rate estimation
of our method can achieve NRMSE <0.01. However, the
chirp rate estimation method in [8] yields large estimation
errors when SNR <0 dB due to the NZ index estimation
transfer error. In detail, when SNR <0 dB in Fig. 13, the
correct ratio of NZ index of [8] is smaller than 90 % and
the NZ index transfer error will lead to a poor chirp rate
estimation performance, which can be seen from Fig. 14.
In contrast, the proposed method estimates chirp rate dir-
ectly and its performance will not be affected by the NZ
estimation result. In addition, because the CSVR spectrum
is a super resolution method, the proposed method is
closer to the MCRLB.
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Figure 14 also reveals that the proposed method per-
forms better than the method in [8] in estimating the
carrier frequency when 2 dB > SNR > -2 dB, because the
proposed method has a better NZ index estimation
performance. When the SNR is greater than 2 dB, the
performances of both methods are almost the same due
to the same carrier frequency estimation process (i.e.,
Fourier transform).

Figure 15 presents the correct ratio of code length es-
timation using the proposed method and the method in
[21]. Here, the correct ratio of code length means when
the code length estimation result strictly equals (1 x 10~
©/10) x fapc = 200 points, we regard that the estimation
result is correct. From Fig. 15, the proposed method out-
performs the method in [21] and the correct ratio of the
proposed method is greater than 90 % when SNR >2 dB,
because the peak width of phase search pseudo-
spectrum is narrower.

In summary, for the LFM/BPSK hybrid modulated sig-
nal intercepted by the NYFR, the proposed method can
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Fig. 14 NRMSEs of chirp rate and carrier frequency estimation

obtain accurate estimation performances for the chirp
rate, the carrier frequency, the NZ index, the code
length, and the phase change points when SNR is greater
than 2 dB.

6 Conclusions

On the basis of the NYFR prior information and signal
self-characteristic, the parameter estimation algorithm of
LEM/BPSK hybrid modulated signal intercepted by the
NYEFR has been proposed. We make full use of the LOS
prior information to model the NYFR output signal and
propose the CSVR spectrum to estimate the chirp rate
directly. Then, according to the self-characteristic of the
SFM modulation, the matching component function has
been designed to estimate the NZ index and the carrier
frequency. Finally, the matching code and subspace or-
thogonal property have been employed to obtain the
position of each phase change point and the code length.
Furthermore, we also analyze the parameter selection
criteria and the computational complexity for each step.
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Comparing the existing NYFR output signal parameter
estimation algorithm, the proposed algorithm avoids
constructing multi-channel architecture and estimating
the NZ index firstly. Meanwhile, the proposed scheme
can achieve a higher accuracy compared with the exist-
ing parameter estimation methods. The simulation re-
sults show the proposed scheme demonstrates a good
performance and prove our analyses. Besides, the esti-
mation methods in Sections 3.1 and 3.2 can be used to
estimate the parameters of LFM signal intercepted by
the NYFR in one NZ as well.
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